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Abstract

Nonprofits engaged in public service provision can receive funding from both donors and gov-

ernments. Much of the nonprofit performance theory suggests that donors are unlikely to base 

donation decisions on nonprofit production. However, governments may prioritize performance 

in nonprofit funding decisions. We combine study internal production reports for the years 2010–

2016 from 535 Habitat for Humanity Affiliates with financial data from IRS Form 990 reports and 

housing price data from the FHA. We then use a dynamic panel design to compare the effects of 

performance on donor and government funding. Production does not increase donations, but a 

1% increase in production increases government grant revenue by 0.28%. Our findings indicate 

that nonprofit performance theory should move beyond the donor-nonprofit dyad and explicitly 

explore the role of government principals. Our findings also suggest that while requirements that 

accompany government funding might be cumbersome for nonprofits, government entities might 

use the data in future grant decisions.

  

Introduction

Standard economic theories of nonprofits, as well as 
some of the recent scholarship challenging fundamental 
notions of nonprofit performance theory, argue that 
the inability and unwillingness of donors to respond 
to nonprofit performance is fundamental to relevant 
theories of nonprofit institutional design (Mitchell and 
Calabrese 2020). Standard “theories of the firm” from 
the economic organization literature treat nonprofits 
as agents of donor principles uniquely unable or un-
willing to monitor nonprofit performance. However, 
nonprofits have agency beyond donor impetus and fre-
quently seek out and receive government revenue.

Unlike donors, governments often look to monitor 
the performance of the organizations they fund (Poister 
2008). Economic theories of nonprofit management 
focus heavily on the donor-nonprofit dyad and say 
little about government responsiveness to perform-
ance. While donors optimizing warm glow might have 

limited incentive to respond to nonprofit performance 
(Andreoni 1990), governments looking to nonprofits 
as a vehicle for critical social production may be more 
likely than donors to reward nonprofit performance 
for two reasons. First, governments might be more 
likely to require nonprofits to report their perform-
ance as a condition of receiving funding. Second, gov-
ernment principals are self-contained hierarchies with 
lower coordination costs for monitoring performance 
than independent donors.

This study uses rare production data from internal 
nonprofit reports and a dynamic panel econometric 
approach to examine the degree to which increases in 
nonprofit performance affect funding through govern-
ment grants. In this paper, we first develop the informa-
tion costs and incentives that donors and governments 
face in observing performance. We then develop the 
data, empirical model, and analysis approach. Finally, 
we explore the findings and put forth implications and 
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conclusions regarding the distinct role of government 
in nonprofit performance theory.

Information Costs and Nonprofit Performance

Donors, Information Costs, and Nonprofits

The relationship between donors and nonprofits is 
central to how nonprofit performance is theorized. 
Nonprofits can have many different goals and mis-
sions, from policy advocacy to social membership 
groups to religious organizations. For nonprofits 
whose primary mission is the production of goods 
and services for consumption (e.g., meals, housing 
for the economically insecure, hours of legal sup-
port for indigent defendants), much of the classic 
nonprofit performance theory lies in the economic 
organization literature. This theory is rooted in the 
presence of market frictions: social production left 
to clearing private markets will underproduce cer-
tain goods and services or otherwise might produce 
them at a price point out of reach for large seg-
ments of the market for which there is still much 
need. Governments can theoretically produce these 
critical goods and services via public agencies, but 
significant disagreement about what and how much 
to produce in the political process can impair their 
production.

Thus, philanthropists, as members of society who 
wish to ensure the production of these goods and 
services, donate to nonprofits. All means of production 
are embedded with market frictions, and inherent to 
the nonprofit production of consumable social goods 
is a problem where donors can have trouble observing 
nonprofit performance (i.e., production of the goods 
and services they fund). This transaction cost is common 
since donors (as taxpayers) would have similar diffi-
culty observing public (due to the unpredictable polit-
ical process) or proprietary (due to probity hazards like 
cutting corners for profit or simply not producing the 
goods at all) provisions of critical goods. In the organ-
izational economics literature, donors fund nonprofits 
because they are the least transactionally costly vector 
to do so: missing profit motives and political processes 
mean they can trust the organizations to produce the 
goods and services that the market cannot (Smith and 
Lipsky 2009; Weisbrod 1986).

Donors, mostly unable to observe outputs, then opti-
mize warm glow in their donation decisions: nonprofits 
receive donations when they best appeal to the posi-
tive feelings they can elicit from the donor (Andreoni 
1990; Hansmann 1981, 1987; Rose-Ackerman 1996). 
Optimizing warm glow and observing performance are 
not necessarily mutually exclusive: there is a market 
for nonprofit performance information (Yörük 2016), 
and the continued donor emphasis on overhead costs 

might represent an attempt to observe performance, 
even if doing so means relying on poor proxies for per-
formance (Coupet and Berrett 2019; Lecy and Searing 
2015). When donors do seek valid observations of 
nonprofit performance to guide donation decisions, 
they can face a number of information costs.

Mitchell and Calabrese (2020) argue that the pres-
ence of major information costs on the part of both 
donors and nonprofits means that donors are unlikely 
to respond to performance at all, and they also argue 
that several key information asymmetries are present. 
On the demand side, donors face three major infor-
mation costs. First, search and discovery costs can 
make it difficult for donors to identify sought-after 
nonprofits and observe both their costs and outcomes. 
Second, bargaining and decision-making costs can 
make it difficult for them to compare nonprofits and 
to use outcome information to make decisions. Third, 
surveillance costs can make it transactionally (and fi-
nancially) expensive to ensure the veracity of nonprofit 
outcome data and to enforce any rules to ensure the 
data are useful.

Nonprofits themselves face information costs in 
observing and sharing their performance. First, they 
face distortion costs. It is difficult to measure nonprofit 
performance with enough precision to be useful, and if 
nonprofits map strategy to poorly measured perform-
ance, they can waste resources and impede outcomes. 
Second, they face direct (staff, time, equipment) and 
indirect (opportunity costs, coordination costs) evalu-
ation costs, and funding to measure performance can 
be difficult to obtain (Lee 2019). Third, they face dis-
closure costs related to sharing outcomes with donors, 
as finding an efficient and clear way to communi-
cate performance to donors can be difficult. Fourth, 
nonprofits face auditing costs. Performance can be 
measured sloppily, and an emphasis on performance 
can incentivize inflated performance measures within 
a hierarchy. In addition, auditing the accuracy of 
nonprofit performance measurement is transactionally 
expensive.

These costs laid out by Mitchell and Calabrese 
(2020), as well as by the original assumptions of 
the standard economic theory of nonprofits, suggest 
donors are unlikely to shift funding based on nonprofit 
performance. There is some empirical evidence that 
this is true on both the donor and nonprofit sides. On 
the donor side, recent findings indicate that successful 
nonprofits sometimes receive the fewest donations and 
donors are unlikely to observe success or performance 
(Charles and Kim 2016, Grizzle 2015). Donors some-
times respond to crude (but observable) financial ratios 
(Charles 2018), but these ratios are generally poor 
measures of performance (Coupet and Berrett 2019; 
Mitchell and Calabrese 2020).

D
o
w

n
lo

a
d
e
d
 fro

m
 h

ttp
s
://a

c
a
d
e
m

ic
.o

u
p
.c

o
m

/jp
a
rt/a

rtic
le

/3
2
/1

/9
7
/6

3
1
1
2
9
3
 b

y
 U

n
iv

e
rs

ity
 o

f N
o
rth

 C
a
ro

lin
a
 a

t C
h
a
p
e
l H

ill u
s
e
r o

n
 0

4
 D

e
c
e
m

b
e
r 2

0
2
3



Journal of Public Administration Research and Theory, 2022, Vol. 32, No. 1 99

On the nonprofit side, distortion costs are real in 
that nonprofits can struggle to link performance meas-
urement to performance improvement (Carnochan 
et  al. 2014). Low capacity can restrict a nonprofit’s 
ability to measure performance since the operational 
costs can be so high (Lee and Clerkin 2017). There is 
little evidence that donors are willing to, or can, base 
donations on valid measures of nonprofit performance 
(Charles and Kim 2016).

Most of the theories highlighting the performance 
information frictions between donors and nonprofits 
are framed with individual, uncoordinated donors. 
Large foundations and corporations, as coordinated 
hierarchies, might be more likely to design and imple-
ment performance management systems to link per-
formance to future donations (Macindoe & Barman 
2013; Marshall and Suarez 2014). From this we 
might infer that the performance-funding link might 
be more frictionless when that funding comes from 
donors within a hierarchy than “disorganized” indi-
vidual donors since the hierarchy itself can set up and 
maintain a system that links performance to funding 
(Froelich 1999).

These coordinated hierarchies often give for stra-
tegic reasons other than performance, including cor-
porate risk mitigation (Bhattacharya et  al. 2020), 
competitive advantage (McWilliams and Siegel 2011), 
or to influence public policy (Coule, Dodge, and 
Eikenberry 2020). Lefebvre and Thomas (2017), for 
example, discuss how educational nonprofits’ influ-
ence on public discourse and policy can help maintain 
strong philanthropic support from large foundations 
despite poor performance. Finley et  al. (2020) have 
found that while corporate donors seek to implement 
performance management systems, nonprofits reliant 
on revenue from large foundations are more likely 
to cater to nonperformance-related conditions (i.e., 
warm glow).

Government Funding, Information Costs, and 

Nonprofits

The relationship between government and nonprofit 
activities can be quite nuanced, and performance man-
agement in these cross-sector arrangements can be 
murky and difficult to disentangle (Lecy and Van Slyke 
2012). Still, arguments can be made that governments 
are more motivated to observe and use nonprofit per-
formance than donors. First, governments might incur 
fewer costs in observing performance than donors. 
While disclosure costs are present in all transactions 
involving the exchange of information, they might be 
lower in government-nonprofit performance informa-
tion exchanges. Governments typically require some 
reporting of performance as a condition of receiving 
government funding (Feiock and Jang 2009). Thus, 

they can set conditions dictating the terms of informa-
tion disclosure that minimize the costs they face, even if 
it imposes further transaction costs on the nonprofits, 
like goal displacement and the de-professionalization 
of staff (Alexander, Nank, and Stivers 1999; Marwell 
and Calabrese 2014; Peng and Lu 2020; Pettijohn and 
Boris 2014).

Second, while a singular, or very concentrated set of 
donors, can set and enforce conditions of performance 
disclosure, large nonprofits can have donor portfolios 
that consist of many types of donors (small and large) 
with different outcome preferences, reasons for giving, 
and abilities to observe outcomes, making coordin-
ation costs too substantial to agree on a set of perform-
ance criteria and a mechanism by which to disclose it.1 
Government, as a legally coordinated hierarchy, can 
set these terms as part of performance management 
systems.2 The requirements of government funding 
can serve as the backbone of nonprofit performance 
management systems, even if the system feels intern-
ally awkward for the nonprofit (Kim, Charles, and 
Pettijohn 2019). In some cases, government funding is 
the only reason nonprofits collect performance data at 
all (Lee 2017).

Governments might also have more incentive to 
observe performance than donors do. Governments 
sometimes directly contract with nonprofits, either 
to achieve optimal outcomes (Fitzgerald et  al. 2019; 
Young 2000) or because of public pressure (Van Slyke 
2003). For example, constituents can blame govern-
ments for the poor performance of nonprofits they 
fund, causing governments to fund high-performing 
nonprofits to protect their reputation (Van Slyke and 
Roch 2004). Many government-funded nonprofit en-
deavors are directly intended to improve performance 
and include formal mechanisms to regularly monitor 
outcomes as a condition of funding (Carman 2009; 
Frumkin 2001).

Further, for many government platforms, perform-
ance management is an institution (Moynihan and 
Pandey 2010). Performance measurement and per-
formance information use can be part of core, rote 
operational processes that accompany all externally 

1 This argument is similar to the one made in public choice theory 

regarding rational nonvoters. Coordination costs are too high across 

a donor pool with low concentration. So, collectively, donors can lack 

the market power to demand performance (see Milgrom and Roberts 

1991 for a thorough discussion). Ironically, these same public choice 

models have been used to note the infeasibility of public performance 

management: too many voters with too little power with too high 

coordination costs. Yet the public performance literature is vast, as end 

users of public services can observe poor performance and be a vocal, 

powerful political force in ways that donors cannot.

2 Coordination of performance information and its use within a hierarchy 

can be substantially more complicated. See Kroll (2015) and Moynihan 

and Lavertu (2012).
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extended resources and many internal ones (Kroll 
2015). Even if the impetus for nonprofit funding was 
not to “buy” production from the nonprofit sector, 
rote systems of performance management in govern-
ment organizations might make it more likely that 
output and/or outcomes measures are required as a 
condition of funding and that these outputs are used 
for funding decisions in some way. In fact, Carman 
(2009) finds that that the only nonprofits actively en-
gaged in performance management were ones that 
received substantial amounts of government funding.

Governments might also incur some disincentive 
to monitor nonprofit performance. Some of the im-
petus for the funding of nonprofit social production 
can often result from public or political pressure (Van 
Slyke 2006). Sometimes this political pressure to fund 
nonprofit organizations engaged in the production of 
critical goods and services is unrelated to axioms about 
superior cost and performance, such as the strong and 
growing push in many areas for governments to fund 
private religious schools (Parker-Jenkins, Hartas, and 
Irving 2019). In such cases, funding to nonprofits is 
less about superior performance, as in Young’s (2000) 
complimentary case, and more about political con-
stituents’ designation of a cause worthy of government 
transfer payment. In these cases, there seems to be little 
reason to either observe performance or base funding 
on performance.

Still, governments likely face some information 
costs in monitoring nonprofit performance. The in-
ternal costs in monitoring and sharing performance for 
nonprofits internally would seem to apply to govern-
ments too (distortion, evaluation, disclosure, auditing 
costs). Governments are more likely to fund external 
organizations that they can easily monitor (Brown 
and Potoski 2004), but complex social production 
can be harder to evaluate and can leave room for op-
portunistic behavior (Brown, Potoski, and Van Slyke 
2015). A  perceived lower incentive for opportunistic 
behavior can mean nonprofits might be more likely to 
receive government funding to produce complex goods 
and services, and performance in these sectors can be 
very difficult to measure by definition (Eggleston and 
Zeckhauser 2002; Warner and Hefetz 2012). Further, 
shrinking government capacity can impede the ability 
of governments to monitor nonprofit performance 
(Kelman 2002; Van Slyke 2003), increasing discovery 
and bargaining costs.

Navigating the reporting requirements accom-
panying government funding can be cumbersome for 
nonprofits (Pettijohn and Boris 2014). Government 
funding can also sometimes crowd out other funding 
sources, although the jury is certainly still out (de Wit 
and Bekkers 2016; Jilke et  al. 2019). Still, the per-
formance management that accompanies government 
funding is unlikely to impede nonprofit performance 

(Coupet 2018). In some cases, government funding can 
boost nonprofit performance since they help build the 
capacity to connect performance to decisions (Coupet 
2017).

In short, there is little reason to believe that 
nonprofit performance will predict donations. On the 
contrary, while governments face significant impedi-
ments to observing nonprofit performance, there is 
reason to believe that nonprofit performance might 
predict government funding more than donations. In 
the next sections, we empirically measure the degree to 
which nonprofit performance predicts donor and gov-
ernment funding.

Data, Model, and Method

This section walks through the data, model, and meth-
odological approach of the study.

Data

Our sample mostly comes from Habitat for Humanity 
(HFH), an international nonprofit organization with 
the primary mission of building houses for consump-
tion by disadvantaged families. For decades, the 
nonprofit did not accept government funding and 
moved to the limited acceptance of government funds 
in 1996. In 2001, HFH substantially deepened its rev-
enue streams from government, both from federal 
and local governments. To maximize independence, 
HFH affiliates mostly accept government grants and 
subsidies for property acquisition and related costs, 
eschewing most direct contractual arrangements:

Habitat does accept government funds for the ac-
quisition of land or houses in need of rehabilita-
tion. Habitat also accepts government funds for 
streets, utilities, and administrative expenses, so 
long as the funds have no strings attached that 
would limit its ability to build each Habitat house 
as a demonstration of God’s love.” (Habitat for 
Humanity 2020)

HFH avoids government funding with “strings at-
tached,” but the impact of government performance 
management systems is visible for HFH. In 2014, the 
US Department of Housing and Urban Development 
(HUD) awarded more than $4.2 million across more 
than 30 HFH affiliates. Each affiliate must compete an-
nually for federal funds (Habitat for Humanity 2020), 
and they must show evidence of past production and 
commit to increasing production by more than 15% 
over three years. Direct reporting of production is re-
quired to receive a grant.3

3 Cohen (2011) describes the impact of performance management on 

HFH in detail.
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The performance reporting requirements have led 
to some affiliates eschewing government funding al-
together, but HFH affiliates enjoy much independ-
ence, and many other affiliates see the performance 
at HFH as an advantage. One affiliate director noted 
the government’s emphasis on performance: “we’ll 
do it faster, better, and cheaper than any and all other 
programs because of the great leveraging ability we 
have to utilize volunteers and other funds” (Cohen 
2011). Therefore the performance emphasis of govern-
ment seems to play a role in HFH operations.

Our study is based on an analysis of 535 HFH affiliates 
across the United States. We developed a unique dataset 
by combining data from three sources—HFH production 
report, IRS Form 990, and the Federal Housing Authority 
(FHA)—for the years 2010–2016. Performance data 
come from HFH’s production report, and organizational 
data come from IRS 990 data.4 Housing market data are 
from the FHA (see a summary of the data in Table 1). 
Financial variables related to HFH affiliates were taken 
from the IRS Form 990, and these data are among the 
most widely used in nonprofit management. We gathered 
Form 990 data for HFH affiliates required to file in full, 
inclusive of affiliates with more than $50,000 in revenue.

The HFH production report includes 1,395 affiliate 
organizations. When we obtained the functional ex-
penses from GuideStar, we removed affiliates because 
1)  they could not be identified in GuideStar, 2)  their 
990 for the necessary year was not on file, 3) they com-
pleted the 990 EZ, or 4) they misreported financial in-
formation. This process reduced the sample down to 
685 organizations and we then removed affiliates with 
no home production of any kind as well as affiliates 
in zip codes without federal housing market data. We 
also removed two more affiliates with suspected poor 
data5.

The smaller sample we analyze is different than our 
sampling frame in two major ways. First, the affiliates 
in our sample receive government grants, and the ways 
they are different than affiliates that do not use govern-
ments grants probably have an unobservable dimen-
sion. Our analysis (and resulting inference) extends 
only to affiliates that use government grants. Second, 
the affiliates we remove are much smaller. This is ex-
pected since affiliates below the filing threshold have 
much smaller operations on average than those that 
file. It also appears that the affiliates that do not receive 
government grants are smaller on average than those 
that do. The means of each of our key variables are ap-
proximately half of those in the sample. Like much of 
the research situated in constructs from the Form 990, 

our analysis and resulting inference applies mostly to 
larger nonprofit operations.

HFH counts four outputs: new houses, recycled 
houses, rehabilitated houses, and repaired houses. New 
homes outputs are newly constructed homes, while 
recycled homes are houses that an affiliate has fore-
closed on (or received a deed in lieu of foreclosure) and 
have then been rehabbed and made available for sale 
once again to another HFH homebuyer. Rehabilitated 
homes have been donated to or bought by HFH, have 
been fully rehabbed, and are sold to a qualified HFH 
homebuyer. Repaired homes represent the spectrum of 
possible repairs from critical repairs, like new roofs 
and electrical systems to painting or remediation of 
mold and mildew.

Model

This study puts forth two tests. We first measure the 
effect of nonprofit performance on the donations that 
nonprofits receive (Model 1), and we posit that do-
nations are a function of performance, fundraising 
expenditures, and past donations. We then measure 
the effect of nonprofit performance on government 
funding (Model 2), and we posit that government 
grants are a function of performance and past govern-
ment grants. In addition to performance, the we posit 
that donations depend on what each nonprofit spends 
on fundraising and on a set of time-invariant organ-
izational controls (Z) present in both Models 1 and 2 
(Equations 1.1 and 1.2).

Equation 1.1

Donationst =

F (Performancet−1, Fundraising Expenditurest−1,Z)

Equation 1.2

Government Grantst =

F (Performancet−1,Government Grantst−1,Z) .

In Model 1, the dependent variable of interest is the 
amount of charitable donations at year-end. The char-
itable donations construct is derived from IRS Form 
990, Part VIII Line H.6 In its derivation, the amount 
of government-based revenue (the dependent vari-
able of interest in Model 2) was subtracted from the 
total contributions since the IRS Form 990 includes 
government grants in its calculation of total contribu-
tions. This term was also lagged in the model as an 
independent variable. Donations today, empirically, 
are likely to be predictors of donations in the future. 
This term also serves as a control for time-invariant 
organizational factors like leadership, resources, and 
capabilities that impact fundraising. Using a lagged 

4 IRS 990 data were compiled by GuideStar in 2018.

5 Relevant data files can be found at https://github.com/Jcoupet/

Government-Grants-Nonprofit-Performance 6 https://www.irs.gov/pub/irs-pdf/f990.pdf
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independent variable works well as a fixed effect in 
this case because strategic capabilities take time to de-
velop and are less prone to the kinds of shocks that 
would compromise the observed results (Cameron and 
Trivedi 2005).

Model 2 is similarly structured but instead pre-
dicts government grants (the dependent variable) with 
nonprofit performance. Our government grants con-
struct comes from IRS Form 990, Part VIII Line E. The 
measure is the report of the total amount of govern-
ment grants received. Much of the government funding 
to HFH comes via the HUD,7 allowing HFH affiliates 
to apply for supplemental federal funding for building 
expenses, provided they meet certain criteria.

Like other studies using government funding con-
structs derived from IRS Form 990 (Carroll and Stater 
2009; Lecy and Van Slyke 2012), our measure for gov-
ernment grants includes only what the nonprofits in 
our sample list as government contracts. Further, be-
cause nonprofits sometimes use government grants to 
supplement programs they run, there is a chance that 
some government grants might be captured instead as 
program revenues. As a check to the construct validity 
of our Government Grants dependent variable, we per-
formed the following robustness check. On Form 990, 
most of our sample listed up to six program revenue 
sources (A-F) and the amounts listed. We cataloged 
each listed source of program revenue to ascertain 
the degree to which they were sourced in government 
grants, then investigated each source on the web. To 
include government revenue, we then listed each pro-
gram revenue source as either “government sourced,” 
“not enough information,” or “unlikely to be govern-
ment sourced.”

Our robustness check found that of the listed 
program revenues for each nonprofit in our sample, 
0.27% of listed program revenues appear to be 
sourced in government grants. When we included the 
“not enough information” category8, this number rose 

to 0.29%. Most program revenues seem to consist of 
mortgage amortization and Habitat Restore Sales.9 
Blank entries by affiliates could not be checked, and 
the kind of government contracts noted in Kerlin and 
Pollak (2011) could possibly be found in the program 
service revenue construct. A detailed expository of this 
robustness check, including the code sources, categor-
izations, and triangulated sources, is available in the 
Supplementary Appendix.

Still, IRS 990 data is not formally audited and is 
therefore subject to the same limitations as any un-
audited self-report remitted to a federal agency. IRS 
Form 990 data can be somewhat noisy (Qu, Steinberg, 
and Burger 2020) which can complicate statistical 
inference when appropriate specification is absent 
(Tinkelman and Neely 2011). This extends to how 
government funding is categorized (Thornton and 
Lecy, 2015). Our study emphasizes government grants, 
but government support can take on other dimensions 
that are difficult to tease out in classic constructs de-
rived from the IRS Form 990. We caution readers that 
our constructs and robustness checks do not capture 
all of the instruments of government funding, espe-
cially direct funding for programs not categorized as a 
grant or contract.

Method

The assumptions of standard regression models are 
often violated in nonprofit management research 
(Hughes 2006). We use a dynamic panel model to 
account for the omitted variable bias and endogeneity 
issues standard regression models may pose. It is 
tempting to include, as controls, values of financial 
and organizational variables correlated with dona-
tions, but multicollinearity in the organizational litera-
ture is a serious problem (Shearer and Clark 2016). 
The approach of the dynamic panel model is intended 
to remove the variance from time-invariant correlates. 
Therefore, we posit that many of the expected controls 

7 https://www.habitat.org/newsroom/06-22-2011-hfh-receives- 

15.3-million-hud-grant

8 Coding was performed by two researchers as an interrater 

reliability check.

9 HFH appears to derive significant revenue from mortgage amortization 

and payment and Restore Sales, a commercial program offering 

donated items for sale to the general public.

Table 1. Summary of Data

Variables Mean Std. Dev. Min. Max.

Total Output 9.42 23.91 1.00 622.00

New 3.68 8.13 0.00 196.00

Recycle 0.36 1.27 0.00 28.00

Rehab 0.98 4.97 0.00 196.00

Repair 4.40 17.49 0.00 443.00

Total Contributions $652,487.00 $1,414,758.00 $190.00 $27,500,000.00

Fundraising Spending $70,403.63 $155,127.70 $5.00 $2,404,447.00

Government Grants $109,162.70 $567,452.10 $3,940.00 $19,200,000.00
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in our models are controlled for but are not visible in-
dividually in the model. The model does include year 
fixed effects to account for time-related policy shocks, 
particularly in post-recessionary periods.

Another potential source of endogeneity in this 
study’s model is that government grants in our sample 
could largely be a function of variance in time-variant 
environmental conditions correlated with HFH pro-
duction. To adjust our models for the potentially con-
founding effects of these environmental conditions, we 
instrument with a House Price Index (HPI) derived 
from the FHA. We posit that changes in funding to 
HFH affiliates, by either nonprofits or governments, 
are correlated with changes in housing market condi-
tions that HFH is also responding to.

Total Production

The key performance measure this study uses is the 
total output of HFH production. We measure observ-
able outcomes with total outputs, which we construct 
as an additive measure comprised of the sum of each of 
the produced HFH outputs.

Fundraising Expenditures

Nonprofits spend on fundraising infrastructure for the 
express purpose of increasing donations, and there is 
ample evidence to support this (Andreoni and Payne 
2011; Weisbrod and Dominguez 1986). The specific 
measure we rely on is a measure of total reported do-
nations at the end of the year.

Fixed Effects and Endogeneity

Many factors can impact nonprofit donations that are 
relatively constant over time and impair the consist-
ency of estimates by introducing endogeneity (Karlan 
and Wood 2017). With panel analysis, ordinary regres-
sions do not model time well and are prone to omitted 
variable bias and selection bias, and unobserved vari-
ables can influence the results and the inference made 
from them (Ba, Berrett and Coupet 2021; Cameron 
and Trivedi 2005). These variables include several con-
structs related to donor characteristics like race, age, 
altruism, and religion (for a good review, see Bekkers 
and Wiepking 2011). Rather than attempt to control 
individually for each of these, we take advantage of 
the dynamic panel approach (Marwell and Calabrese 
2014).

We use the AB approach, which first differences 
the dependent and independent variables to account 
for fixed effects. In our study, these are largely organ-
izational variables that count for the omitted variable 
bias stemming from unobservable characteristics that 
would bias our effect of interest. To address correlation 
between the lagged dependent variable and the error 
term, the AB approach uses lags of the dependent and 

independent variables as instrumental variables, begin-
ning with the t–2 period since it is uncorrelated with 
the error term, using all available lags as instruments.

Our approach generally matches that used in dy-
namic panel public management designs (Veronesi, 
Kirkpatrick, and Altanlar 2019; Zhu 2012). Our 
specific empirical model is represented in Equations 
2.1–2.4. In our approach, all variables are in logs, and 
we lag the key dependent funding variable as an inde-
pendent variable. We also lag the key independent vari-
ables on the right-hand side, by one period, to assert 
strict temporal precedence.

Equation 2.1

∆ln(Donations)t = ∞+ β1∆ ln (Donations)t−1

+ β2∆ ln (Houses)t−1

+ β3∆ ln (Fundraising Expenses)
t−1

+ ε.

Equation 2.2

∆ln(Government Grants)
t
= ∞+ β1∆ ln (Government Grants)

t−1

+ β2∆ ln (Houses)
t−1 + ε,

where the lagged dependent variable (Donations and 
Government Grants, respectively) (is instrumented by 
past values. Robustness checks include tests for the or-
thogonality of the t–2 period in the differenced equa-
tion as well as Hansen statistics for each model. To be 
considered acceptable instruments, the t–2 error term 
should be uncorrelated with the residuals at time t. 
Specifically, for all periods j,

Equation 2.3

∆ ln (Government Grants)t−1
= β1 ln (Government Grants)t−2

+ . . .

+ β2 ln (Government Grants)t−j + u

Other unobservable factors that change over time 
might potentially bias estimates. To address these con-
founding effects, we instrument with the HPI of each 
Habitat affiliate’s zip code. The HPI is composed by the 
FHA as an indicator of the price level of each zip code. 
We use changes to model changes in HFH production. 
Increases in the HPI should reflect increased housing 
demand, which should increase HFH production.

Testing the validity of individual instruments in 
AB models is not straightforward. Valid instruments 
should be correlated with the endogenous independent 
variable but be uncorrelated independently with the 
dependent variable. With a series of fixed effects re-
gressions, we find high correlations between the HPI 
and total production but no independent correlation 
between the HPI and government funding. We then 
compose a two-stage model with organizational-level 
fixed effects such that government grants are aunction 
of lagged government grants and lagged Habitat pro-
duction, similar to Equation 2.2. We instrument HFH 
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production with the lagged version of HPI and test 
the validity of the instrument with a Hansen-Sargan 
test. The Hansen-Sargan statistic is well within the ac-
ceptable range,10 and the HPI appears to be a valid 
instrument.

AB approaches already include a series of 
instrumented-level values of the dependent variable, so 
we simply add more instruments to the equation con-
taining those instruments. Specifically,

Equation 2.4

∆ ln (Government Grants)t−1
= β1 ln (Government Grants)t−2

+ . . .

+ β2 ln (Government Grants)t−j

+ β3HPIt−2 + u

Specification tests for the AB model test the validity 
of instruments collectively. Our Hansen statistics are 
within acceptable ranges and are reported in Table 2.

Results

Government funding in our sample appears to be more 
sensitive than donated funds to production-based 
measures of nonprofit performance. Our results sug-
gest that governments perhaps do not face the same 
sets of incentives and information costs as donors and 
emerging generalized theories of nonprofit perform-
ance should be decomposed based on revenue sources 
and the principal’s incentives.

Specifically, on the donor side, a 1% increase in 
housing production results in a 0.08% increase in 
donations, but the effect is mostly indistinguishable 
from zero and statistically insignificant. Increasing 
spending on fundraising increases donations to 
nonprofits (0.25%), reinforcing other studies that 
suggest fundraising practices matter more than what 
organizations spend.

The results are quite different when comparing the 
responsiveness of government grants to performance 
(see Figure 1). Government grants are more sensitive to 
performance than donors: a 1% increase in perform-
ance tends to increase donations by about 0.28%.

Implications

This study’s findings suggest that nonprofit perform-
ance theory should work to determine how perform-
ance management implications might differ based 
on funding sources. So much of nonprofit manage-
ment performance theory assumes donor principals. 

Government principals perhaps behave differently 
than donors, and nonprofit performance theory should 
perhaps be formulated differently. There may be no 
one-size-fits-all approaches to nonprofit performance 
theory, and future scholarship may need to tailor the-
oretical advances to different principals.

According to the organizational economics litera-
ture in which the standard theory is based, donor in-
ability/unwillingness to observe performance can lead 
to opportunism and probity hazards (Coupet and 
McWilliams, 2017; Eisenhardt 1989). Mitchell and 
Calabrese (2018, 2020) are rightly concerned about 
what this means for the implications and fundamental 
assumptions of the nonprofit sector. They cite dissat-
isfaction with the nonprofit sector in production of 
social goods because of social frustration with donor 
inability or unwillingness to observe performance.

The results of this study might lead one to wonder 
about how much these concerns, such as overuse of 
financial ratios (Prentice 2015) and tax sheltering 
(Heist and Vance-McMullen 2019), should be focused 
on the donor-nonprofit dyad as opposed to nonprofit 
performance in general. If other studies continue to 
suggest that, for instance, governments tend to reward 
performance, then perhaps the government-nonprofit 
dyad is more “frictionless” than the donor-nonprofit 
dyad, at least as far as performance is concerned.

With regard to performance, Mitchell and Calabrese 
(2020) present three major arguments about transac-
tion costs that define the donor-nonprofit dyad: 1)  it 
is difficult for nonprofits to observe and communicate 
performance, 2)  it is difficult for donors to observe 
nonprofit performance, and 3) donors care more about 
feeling good than nonprofit performance anyway. The 
results of this study, while they should certainly be rep-
licated, provide some empirical context to these argu-
ments. In our sample, the flow of funding to nonprofits, 
as a function of performance, seems to be less about 
nonprofits being able to measure performance (if they 
have capacity, which government funding may help 
provide) and more about donor ability or willingness 
to observe it.

That private donors are at a disadvantage as prin-
cipals, a feature of the institutional economics litera-
ture school, is also underwritten by the prevalence 
of popular third-party organizations that organize 
financial and performance data from nonprofits 
for use by donors (e.g., Charity Navigator and 
GuideStar). But much of this information is poorly 
designed for decision-making, embodying the bar-
gaining costs that donors face in using this informa-
tion for decision-making (Lecy and Searing 2015). 
Dissatisfaction with these third-party structures has 
led to disruption by social entrepreneurs looking to 
reduce the information costs donors face (New York 

10 The coefficient of the key variable of interest, the lagged HFH production 

variable, also closely matched our result from the AB model. The 

coefficient of the lagged DV on the right-hand side (government grants) 

was badly biased. This is known as Nickell bias and validated our use 

of the dynamic panel approach.
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Times 2019). But these new structures have received 
significant pushback from nonprofits themselves. The 
notion that donor transaction costs can be absorbed by 
introducing another hierarchy implies the transaction 
cost associated with the new structure are less than the 
ones faced by donors. The effects of this disruption 
on information costs would be a fruitful area for new 
inquiry.

Governments could not respond to nonprofit per-
formance without being able to observe it, meaning 
that in this sample, nonprofits observe their own per-
formance, share it with governments, and do so with 
few enough frictions that governments can respond 
to it. It also means that government funding might be 

worth the costs incurred in measuring and sharing per-
formance for nonprofits, who would otherwise decline 
such funding for other revenue sources with lower 
opportunity costs.

It is no surprise, then, that our results indicate an 
empirical responsiveness of government funding to 
production. HUD is a public hierarchy, and public hier-
archies have long been coordinating performance man-
agement systems for grants and contracts they dole out 
(Poister 2008). They do not have the same coordin-
ation costs that donors do, especially when there are 
many of them (see Figure 2). However, governments 
still face transaction costs in observing performance 
(CG in Figure 2), for example, auditing costs.

Table 2. Effect of Performance on Donations and Grants

Variables Donors Government Grants

Donationst-1 0.55**  

(0.0795)  

Government Grantst-1 0.00 0.49**  

(0.060)  

0.00

Total Housest-1 0.08 0.28**

(0.04) (0.08)

0.06 0.00

Fundraising Expensest-1 0.25**  

(0.04)  

0.00  

Constant 3.02** 5.45**

(0.89) (0.66)

0.00 0.00

Observations 1,124 1,246

Number of Affiliates 324 362

Year Fixed Effects Yes Yes

Hansen Test (P-value) 0.166 0.0792

F-Stat 68.56 22.74

Robust standard errors are in parentheses. P-values are in italics. All variables are in logs and were lagged one year.
** p < 0.01, * p < 0.05

Figure 1. Effect of Total Production on Funding. Figure 2. Donor-Government Transaction Costs.
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Nonprofits can incur annoying costs associated 
with collecting and sharing performance data with 
governments (Pettijohn and Boris 2014), such as 
overwhelming paperwork and struggling to find the 
capacity to manage the performance reporting de-
mands associated with government funding (Lee and 
Clerkin 2017; Pettijohn and Boris 2014). In donor-
nonprofit relationships, it might be prohibitively 
costly to coordinate many (often hundreds) of donors 
to agree to a performance system and to agree on 
the terms upon which their donations vary with per-
formance. Each donor, assuming they want to observe 
performance, is then faced with a set of transaction 
costs (CD1–CDN in Figure 4, where N is the number 
of donors). Foundations, as hierarchies outside of the 
donor-nonprofit “market,” likely face lower informa-
tion costs than donors. However, facing an external 
environment composed of hierarchical and individual 
donors, we expect the average effects (measured in 
this paper) to reflect significant information costs. The 
sum of these transaction costs defines the government-
nonprofit dyad, and our results suggest (but do not test 
directly) that CG < Σ iN CDN, or that governments have 
an easier time observing and acting upon nonprofit 
performance than donors do.

In short, pending scholarship measuring the rela-
tive transaction costs across dyads, this study’s results 
are early indicators that nonprofit performance theory 
should be sufficiently nuanced to consider how dif-
ferently performance can matter in the government-
nonprofit relationship than in the donor-nonprofit 
relationship. Organization economics is a useful frame 
for distinguishing between the two relationships be-
cause it allows the particular transaction costs em-
bedded in each dyad to form lynchpins of the theories 
distinguishing them. Nonprofit performance theory is 
developing, but the role of government in monitoring 
and reacting to nonprofit performance should play a 
prominent role.

It is also important to note that governments are not 
the only principals, in a classic sense, that should be 
considered and are perhaps considered differently than 
donors. Nonprofits can earn income from customers, 
and donors are a large category of funding sources 
that can probably be meaningfully disaggregated. For 
example, the “size” of the donors associated with CD2 
and CD4 might mitigate their associated frictions in 
measuring, and responding to, the performance of the 
nonprofits they fund by tying performance manage-
ment systems to large gifts.11 This, however, assumes 
that foundations and large donors are meaningfully 
interested in performance instead of the warm glow 

accompanying the other strategic and political benefits 
of their gifts.

Still, the major focus of this study is the respon-
siveness of government grants to nonprofit perform-
ance. Government grants might be disaggregated as 
well. The distribution of government funding by level 
(local, state, federal) is impossible to tell from the data 
made available in this study. We notice differences be-
tween donors and government, but pulling these rather 
broad categories apart might provide useful context to 
nonprofit performance theory. Our findings could also 
be picking up average effects. Disaggregation might 
tease out meaningful distinctions between large foun-
dations and individual donors as well as between local 
and national level governments.

Another important potential takeaway involves 
the nature of government funding to nonprofits. The 
nonprofit literature is clear that the requirements that 
accompany government funding can be quite a nuis-
ance for nonprofits, involving large amounts of paper-
work and performance reporting (Pettijohn and Boris 
2014). This notion is robust to HFH affiliates who, as 
we note earlier, can also find the performance man-
agement requirements cumbersome. But these findings 
suggest that governments might actually use these data 
in future funding decisions. Again, performance theory 
in the nonprofit management context might benefit 
much from reframing of performance management 
requirements as cumbersome for nonprofits to legit-
imate formal performance management systems that 
governments use. Theory building about optimizing 
these performance systems for government funders 
and nonprofits would be useful.

Of course, all of this assumes that the nonprofit rela-
tionship with governments and donors fits a principal-
agent mold. This is not always a good assumption 
(Gazley and Brudney 2007) but is reasonable for 
nonprofit performance theory (Carman, 2009). In the 
case of donors, Andreoni (1990) makes it pretty clear: 
donors buy warm glow from nonprofits based on the 
production of goods for those in need. They cannot 
observe the provision of these goods and services 
well, but the nonprofit nature of the hierarchy allows 
donors to trust that the goods and services are pro-
vided. In the case of government, the principal-agent 
relationship is reasonable here too. Amid shrinking in-
vestment in the production and maintenance of public 
housing and funding for housing insecurity, govern-
ments instead fund nonprofits like HFH. Much of the 
housing produced by HFH is for families that would 
otherwise have qualified for public housing (Habitat 
for Humanity 2020).

This study does not test for the presence of the costs 
(CD1–CDN in Figure 4)  that Mitchell and Calabrese 
(2020) and others describe, although future scholarship 

11 If these systems are well designed, there is little evidence that they 

actually are.
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endeavors to do so would likely make interesting con-
tributions. There is good evidence that many of these 
costs are real, and the dominance of the organizational 
economics frameworks in performance management 
systems gives solid ground upon which this study is 
based. But donors give for many reasons including 
legitimacy, trust, reputation, culture, family history, 
and prestige (Harbaugh 1998). The organizational 
economics literature is sort of limited in that it cap-
tures all of this as warm glow: nonperformance-based 
reasons for giving that optimize donor utility. Which 
of these reasons guide donor giving in our sample is 
likely captured in lagged and instrumented controls, so 
discovering which of these warm glow reasons guide 
donor giving is beyond the scope of this paper.

These reasons are important, though, in the “why 
do donors give” scholarship. Our results only under-
score that the other reasons donors give dominate since 
performance seems to guide donor decisions so little 
(Calabrese 2011; Sargeant, West, and Jay 2007). Other 
frameworks based in sociology, collaborative govern-
ance, or community psychology (Burgess, Miller, and 
Moore 2018; Das, Kerkhof, and Kuiper 2008) may be 
useful in explaining the specifics of donor decisions. 
But the organizational economics literature, as well 
as other ethics-based literatures, does suggest that the 
provision of necessary goods and services relies so 
much on donor whims and not on the actual produc-
tion of those services, which is a problem (Williamson 
2019). This study says little about the ethics of this 
problem but does add to the evidence that govern-
ments care more about production and donors care 
about other things.

For Mitchell and Calabrese (2020), the inability of 
donors to observe and respond to performance is a 
problem. Their logic is easy to follow: typically, a fea-
ture of optimal institutional design in organizational 
economics’ theoretical application to public sector 
problems is the ability of principals to observe the be-
havior of agents and to use this information to observe 
their decisions. For much of that literature, the relative 
disadvantage12 of governments in rewarding perform-
ance with funding makes them a suboptimal conduit 
for economic activity. But this study suggests that gov-
ernments might have an advantage relative to donors 
in rewarding performance. Nonprofit performance 
theory should move beyond the donor principal and 
be sufficiently nuanced to include government princi-
pals since they seem to behave differently.

Conclusion

Using rare internal production reports from the 
nonprofit housing sector and dynamic panel data 

analysis, this study compares the effects of nonprofit 
performance on donor and government funding. We 
find that increases in nonprofit production do not sig-
nificantly increase donations and a 1% increase in pro-
duction increases government grants by 0.28%.

The nature of this study sample limits external val-
idity. The data are from HFH affiliates, and although 
the affiliates are quite decentralized, the HFH brand 
and similar nature of the business could mean it stands 
out from nonprofits that might produce other goods 
and services in important ways. Specifically, the HFH 
brand might legitimize their affiliates in important 
ways such that donors can afford to be less responsive 
to production. Overall donor responsiveness to the 
overhead ratio suggests that this might not be the case, 
but this study should certainly be replicated with other 
samples to see if it is.

While it was convenient for this study, the relatively 
clean performance measure here (houses produced) 
may make it easier for governments to observe HFH 
performance than to observe nonprofits that produce 
or serve in other less tangible ways. The number of 
houses built are also likely easier to audit than, say, the 
number of meals packaged. Also, there are clear stra-
tegic linkages that might make government agencies 
like HUD or local governments dealing with housing 
insecurity issues more willing to observe performance.

This study also underscores the tremendous need 
for valid and reliable nonprofit performance data, 
where appropriate. Much of the performance theory 
in nonprofit studies and in scholarship theorizing 
government-nonprofit relationships (like contracting 
scholarship) is theoretical or uses poor performance 
proxies. We think that disaggregating the donor and 
government categories might be a fruitful area of in-
quiry for future nonprofit management scholarship.

We caution readers that the self-report nature of the 
IRS form 990 data means that it is difficult to build con-
structs that capture a more robust capture of govern-
ment support beyond what is remitted on self-reports. 
Our study speaks only to reported government grants, 
and the institutional design on other forms of govern-
ment funding, like contracts or coproduced program-
ming, might be quite different. There are other data 
sources with potentially more robust accounting, but 
these may bring different challenges related to granu-
larity and subcontracting (Thornton and Lecy, 2015). 
Future researchers might do well to test the robust-
ness of our findings using data sources with different 
tradeoffs.

Supplementary Material

Supplementary data is available at the Journal of Public 
Administration Research and Theory online.12 In theory, anyway. See Alchian and Demsetz (1972).
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